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From 2017 - creation of a new group in our institute:
ICT for Industry 4.0

Various projects in different fields:
manufacture industries, industrial
chemical reactors, train systems,
supply chain management, food
production, district heating systems,
smart building, precision farming,
etc.

Direct Research
Mandates

ENSNF

FONDS NATIONAL SUISSE
DE LA RECHERCHE SCIENTIFIQUE

Innosuisse - Swiss

Team: 2 profs, 2 senior researchers,
3 CS engineers, 2 PhD students

Innovation Agency

Schweizerische Eidgenossenschaft
9 Confédération suisse

Confederazione Svizzera

Confederaziun svizra

STAAT FREIBURG Wirtschaftsforderung WIF

ETAT DE FRIBOURG Promotion économique PromFR
STATE OF FRIBOURG Development Agency FDA 2



Roadmap towards data-driven supervision of processes

Definition of use cases: Installation of a data

Installation of a data visualisation, QA, fault processing pipeline:
collection system: detection, predictive scalable stack, dashboards,
sensors, routers, storage maintenance config tools, alarm system
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Exploratory Data Analysis: System prototyping: System maintenance: evolutive
data cleaning / encoding / pre- Algorithm selection, connectors, / corrective, additional
processing, feature extraction, statistics modelling, benchmarking processes to monitor, etc.



o algorithms will take over the modelling part

e advocate 2
itral theses

Cloud solutions will be the standard way of deployi
processes monitoring solutions over on-premises
standalone applications.




Thesis 1 - Al-based algorithms will take over the modelling part

Anomaly detection system
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Thesis 1 - Al-based algorithms will take over the modelling part

Anomaly detection system - expected research outcomes
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Thesis 2 - Cloud will be the standard for deploying monitoring solutions

LYSR platform

Advantages of cloud: Kubernetes
- Scalability
- Easy and fast setup
- Economy of scale
- Maintained by IT specialists

Services
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Distributed streaming platform
»
the walls
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Disadvantages of cloud (*): ’

Algorithm 1 Algorithm 2 Algorithm 3
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